
Improving research productivity, collaboration, 
commercialisation and impact

Felicity Jones, European Research Development Manager, The University of 
Melbourne, Europe Office, Berlin (Germany)
Charlie Day, CEO, Innovation and Science Australia (Australia)
Rembrand Koning, Assistant Professor, Harvard Business School (US)
Henry Sauermann, Associate Professor of Strategy and POK Pühringer PS Chair in 
Entrepreneurship, ESMT Berlin (Germany)



Innovation Growth Lab 2019
Henry Sauermann, ESMT Berlin

Improving research productivity, collaboration, 
commercialization and impact



What makes scientists and engineers tick?

https://www.perdoo.com/blog/intrinsic-motivation/

• Economic vs. psychological perspectives
• Motivation crowding out?
• Links to creativity and productivity
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Our research
• 1,700 PhD scientists and engineers in firms
• Patent applications over 5 years
• Findings

−Motives related to challenge, independence, (money) àpositive
−Motives related to security and responsibility ànegative
−Stronger effects in basic/applied research (vs. development)
−Not mediated by levels of effort – quality of effort?

https://www.perdoo.com/blog/intrinsic-motivation/


Academics’ motives to engage in commercial activities
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• Academic entrepreneurship: Concerns and hopes
• What are the underlying motives? 2 Simplistic stereotypes

Our research
• 2,000 academics at 160 U.S. institutions
• Patent applications over 5 years

Life sciences Physical sciences Engineering
Money +
Challenge +
Career Advancement -
Contrib. to Society + +



PhD career transitions from academia to startups

Roach & Sauermann 2015: Founder or Joiner

• Knowledge wrapped up in a 
person
• Diverse STEM careers, 

including entrepreneurship
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Our research
• 4,100 STEM PhDs in U.S.
• Motives related to founding or 

joining startups
• Currently analyzing what 

happens 3/6 years later

Roach and Sauermann: Founder or Joiner?
Management Science 61(9), pp. 2160–2184, © 2015 INFORMS 2171

Figure 3 Percentage Difference from Sample Mean by Entrepreneurial Interest
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work experience (Shane and Khurana 2003, Gompers
et al. 2005, Sørensen 2007, Elfenbein et al. 2010) using
a question that asked respondents whether they had
ever worked in a start-up (yes or no).

Finally, since career interests may be shaped by per-
ceived labor market conditions, we control for respon-
dents’ assessments of job availability in academia,
established firms, and start-ups, respectively, in their
particular field of study. In addition, consistent with
prior studies (Stuart and Ding 2006), we include the
number of patent applications as an alternative mea-
sure of opportunities. Lastly, we control for respon-
dent demographic characteristics including gender,
age, marital status, number of children, nationality,
and fixed effects for each individual’s university and
field of science or engineering.

3.5. The Use of Survey Data
There are a number of general concerns when using
survey data that we specifically addressed in the con-
struction of the questionnaire. First, when dependent
and independent variables are drawn from the same

source (i.e., a survey), correlations between variables
may be inflated because of common methods bias.
To reduce spurious correlations among variables, we
separated questions in the survey and used different
response scales where possible. In addition, the sur-
vey inquired about the general Ph.D. experience and a
range of career paths to ensure that respondents were
not primed to consider any one particular career path
(e.g., entrepreneurship). Our empirical analysis that
follows demonstrates that the featured independent
variables exhibit distinct relationships with different
career interests, indicating that the observed relation-
ships are not merely artifacts of a common survey
methodology. Moreover, a number of our control vari-
ables are measured using similar rating scales as our
featured variables, which should account for poten-
tial individual-specific bias in responding to common
measurement scales (i.e., an individual’s tendency to
report high or low ratings across questions).

Another concern with self-reported survey mea-
sures is that respondents may overstate preferences
that seem socially desirable or may interpret questions
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range of career paths to ensure that respondents were
not primed to consider any one particular career path
(e.g., entrepreneurship). Our empirical analysis that
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Diversity, motivations, and outcomes
Rem Koning - Assistant Professor, Harvard Business School



Key Points: 

1. Women/minorities bring talent and different types of 
innovation to the table
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2. Barriers that female and minorities researchers face 
in commercialization

3.  Potential solutions?

4. Short case studies on how some innovators have    
overcome these barriers



Lessons from the trenches of academic tech transfer
Charlie Day – CEO, Innovation and Science Australia
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Key Points:

1. Understand the many layers of incentives your researchers face:     
reputational, financial, career (locally & globally) etc

2. Take the time to educate researchers about the process of    
commercialising an idea

3. Emphasise the role of teamwork, and invest in assembling strong 
teams
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Small Group Discussion:
Divide into smaller groups around a flipchart.

Over the next 20 minutes, discuss the following topics:

• Interventions and incentives your organisation/agency could deploy to 
get more women/minorities in the innovation pipeline

• Ways to assemble and support strong teams

• Actions your organisation/agency could take to improve research 
impact given the motivations might drive its scientists/researchers

At 15:15, be prepared to report your group’s ideas. Each group will get  
2 minutes to present.
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For more on technology commercialization process, 
check out this free online course from the 

Laboratory for Innovation Science at Harvard

Launching Breakthrough Technologies

https://www.edx.org/course/launching-breakthrough-technologies

https://nam04.safelinks.protection.outlook.com/?url=https://urldefense.proofpoint.com/v2/url?u%3Dhttps-3A__www.edx.org_course_launching-2Dbreakthrough-2Dtechnologies%26d%3DDwMGaQ%26c%3DWO-RGvefibhHBZq3fL85hQ%26r%3D03teQHsCeygXVPOKVV0rGwEINB3l54O-foYCzUxmA2Q%26m%3DbLsa4ehMTvyr7cjs4eoLPKh7YktlyvgyQLmDBZrROrI%26s%3DEJHEndlluf20K-_P3JkWliC3BQC0fMn0r-3twFowOu0%26e%3D&data=02%7C01%7Cjhoffman@hbs.edu%7C0b985aea46274ef3faa608d6d87740d1%7C09fd564ebf4243218f2db8e482f8635c%7C0%7C0%7C636934404035263451&sdata=bWeKE3z0697bzzRikl%2B2WrF3tYoo5rRjbSUxOGWyZ4A%3D&reserved=0

